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Useful Topic Extraction Method to Increase Outcome from Career Site VOC
- Feature selection by Structural Topic Model and Graphical Model-
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Abstract We describe the result of examination applying Structural Topic Model and Graphical Model Structure Learning
complementarily to text analysis of "user / withdrawal questionnaire” of job change site DODA operated by PERSOL
CAREER. We have studied a useful topic extraction method for improving outcome NPS that can lead to action by using a
Structural Topic Model and a Graphical Model. It is effective to visualize and analyze the relevance of topic correlation, topic
~ metadata covariates obtained by Structural Topic Model which is rich expressive topic by feature selection by Graphical
Model Structure Learning. Furthermore, the topic allocation “"document - topic” matrix of the document obtained by the
Structural Topic Model is also a document vector suitable for document clustering because it is information dimension
compression of the "document - word" matrix.
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