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0, ~ Dirichlet(ct) (d=1,--,M),
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topic 10 (freq: 0.063708)
go: 0.063160
get: 0.039826
want: 0.036432
say: 0.032317
peopl: 0.030697
make: 0.023039
know: 0.020871
side: 0.016968
way: 0.014549
sure: 0.013191

topic 14 (freq: 0.058032)
think: 0.029345
one: 0.022143
talk: 0.020018
peopl: 0.019002
would: 0.017698
thing: 0.015739
know: 0.015184
issu: 0.015018
come: 0.012744
time: 0.011758

topic 38 (freq: 0.049960)
would: 0.020397
chang: 0.017087
believ: 0.014164
bill: 0.012807
make: 0.012476

- 0.011107
polici: 0.010080
rule: 0.009178
issu: 0.009134
process: 0.008826

topic 3 (freq: 0.047785)
$:0.073436

year: 0.056961
percent: 0.045077
million: 0.039433
billion: 0.034174
1: 0.032662

000: 0.031484
2:0.019142
5:0.019083

10: 0.015042

topic 0 (freq: 0.043503)
feder: 0.025188
govern: 0.021433
requir: 0.020442
busi: 0.019005
would: 0.017395
-10.014418
agenc: 0.014315
inform: 0.013931
regul: 0.013762
small: 0.012805

topic 11 (freq: 0.038052)
program: 0.066105
-1 0.025023

need: 0.021958
provid: 0.019717
develop: 0.019257
fund: 0.017592
research: 0.017520
help: 0.016203
state: 0.013223
grant: 0.011621

topic 24 (freq: 0.035700)
year: 0.044441
last: 0.029132
week: 0.027551
work: 0.024090
congress: 0.022932
pass: 0.022328
day: 0.018650
month: 0.017989
bill: 0.013717
time: 0.013685

topic 31 (freq: 0.035158)
tax: 0.071294

pay: 0.036513
famili: 0.019897

-1 0.018502
american: 0.018220
money: 0.017371
credit: 0.016611
peopl: 0.015539
taxpay: 0.013590
incom: 0.013537

topic 30 (freq: 0.032753)
american: 0.040173
nation: 0.023472
serv: 0.021039
peopl: 0.020569
right: 0.017514
countri: 0.014327
state: 0.012047
constitut: 0.011248
histori: 0.010957
citizen: 0.010761

topic 1 (freq: 0.031339)
job: 0.048844
economi: 0.027754
product: 0.023038
compani: 0.018071
market: 0.017803
econom: 0.017680
price: 0.017237
industri: 0.017228
worker: 0.017086
busi: 0.016781
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topic 7 (freq: 0.082337)
#EE: 0.0218813089056
i< 1 0.0139463628957
H [ 0.00924200389238
Hi % 0.00896140565745
[#: 0.00795885680566
[E [ 0.00784557110227
Bif 0.00779755887472
#<:0.00737224917264
H7r%:0.00685754390804
.51 0.00642762045438

topic 34 (freq: 0.058567)
%2 0.0147891476559
Hi3%: 0.00876387125611
[ii#E: 0.0077226671395
ifi: 0.00698989513106
il <: 0.00674722785032
H1E: 0.00645617353845
HA:0.00642739678129
H%:0.00618692185649
fRL: 0.005689326317857
1.%:0.0056212613285

topic 28 (freq: 0.056299)

H A 0.0214073444521
fHRE: 0.0184747326734
#EE: 0.0167338623033
[#:0.0100261484416

fi[EH: 0.0084450333543

7 AU 7:0.00807574071888
i< 1 0.00778712494163
BIf%A: 0.00695707526845
JEaifiE: 0.00607749060995
AP 0.00544712324404

topic 32 (freq: 0.047318)
[:0.0226866511494
% 0.00958680577016
it 0.00947587717844
#aF: 0.00868442324217
B 0.00859285415208
£11:0.00804228747625
H.%:0.00785501366071
P 0.00770399744903
EA3%:0.00704191266317
[£] %+ 0.00655183720132

topic 0 (freq: 0.043844)
R 0.025488192227

JRPL: 0.0111209858033
A/ 0.0110529793471
77 110.0104321960465
& 0.00990851583782
2% 0.0086474096129
)lli: 0.00808648118273
i 0.00802570878784
%4 0.00773272018109
.51 0.00729451373492

topic 39 (freq: 0.042926)

1 0.0169644680141

£ 0.0127732581936
X% 0.0104728914328
Hev #HiEe: 0.00782930538825
H 7% 0.00780000992131
i} %1 0.00772082851642
51 0.00642505577297
M3 0.00599623939203
I 0.00596559257296
[£]: 0.00595467285995

topic 27 (freq: 0.038675)
wenm: 0.0440207475313

[HRE: 0.0296397476764
FE: 0.0147174245547

[HF: 0.0122826186242

o 1E Y1 0.00898964831586
FEfi7: 0.00883716763016
[E£3: 0.00774748620998
VB 0.00762790438034
WA A 721 0.00729075066675
LA 0.00663788846154

opic 24 (freq: 0.037245)
F: 0.0217940058204
fHRE: 0.0147376827542
Hi9™1 0.0085339752429

1 0.00762035469855
10.00747670397289
f#< 1 0.00736319618287
i fF: 0.00686583714771
Hi%10.00662242609578
[EF: 0.00659167170225
R.%10.00570573155081

bS]
%)

topic 25 (freq: 0.036744)
:0.0180281072896

A f#%: 0.0115095981196

H A 0.0114148929917

i1 0.00969856735201

7 AU 771 0.00835739323339
1791 0.00822864410579

i 0.00734820191624
BUfF: 0.00714080776053
174 0.00652830513021
15 0.00636869418373

topic 31 (freq: 0.036683)
18 < : 0.010538903528

518 0.0104916320801

£ 0.00882288368771
:0.00879056642131
:0.00874613263366
1 0.0086591086943
T-#£: 0.00835175615475
1 H£: 0.00779776405705
#: 0.0073439300586
X% 0.00706138137918
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